
Artificial Intelligence (AI) has been heralded as a game-changer for supply chain planning, promising enhanced
accuracy, efficiency, and predictive power. Companies like Garrett Motion, PMI, and Pandora are increasingly
integrating AI-driven solutions powered by Large Language Models (LLMs) and retrieval-augmented generation
(RAG) into their supply chain tools. Yet, despite these advances, planners often remain skeptical of AI-generated
recommendations.

This blog post dives deep into the core reasons behind this trust deficit, exploring why gains in accuracy alone
don’t automatically translate to planner confidence. We will discuss the crucial roles of explainability, consistency,
and alignment with business logic, and expose the hidden risks of hallucinations and fabricated certainty within AI-
powered systems. Along the way, we’ll keep a keen focus on themes of AI explainability for planners, challenges
of black box AI planning, and the need for a robust AI audit trail.

Trust: The Bottleneck for Enterprise AI Adoption
It’s tempting to think that improvements in supply chain accuracy would seal AI’s acceptance among planners. Yet,
the reality is more nuanced. Trust — or the lack thereof — has emerged as the key bottleneck for enterprise AI
adoption.

Why? Because planners don’t just want correct answers; they need confidence in how those answers came about.
This trust gap is more acute in supply chains, where decisions affect inventory levels, production schedules, and
customer satisfaction. As seen with companies like Garrett Motion, even when AI optimizations deliver accuracy
gains, planners frequently hesitate to act without clear explanations aligned to their mental model and business
rules.

Without trust, AI recommendations risk being disregarded or overridden, leading to suboptimal decision-making
and wasted technology investments. This problem was notably spotlighted at PMI, where adoption stalled
because planners felt AI outputs were “black box” inputs rather than actionable insights.

Planners demand more than a number

Transparency: Planners want to see why the AI suggests certain actions, not just what it suggests.



Consistency: Recommendations must be reliable across time and scenarios — random variance breeds doubt.

Alignment: AI outputs need to match business logic and constraints that planners understand.

Explainability: The Keystone of AI Confidence
At the core of skepticism lies explainability — the ability to provide interpretable reasoning behind AI’s decisions.
This is where tools like LLMs and RAG both shine and stumble.

Large Language Models, for all their linguistic prowess, operate as black boxes, producing outputs based on
patterns learned from vast, unstructured data without direct human-understandable rules. For supply chain
planners, this means they often receive recommendations supported by no clear causal trail or business logic
justification.

Retrieval-augmented generation seeks to mitigate this by combining LLMs with external knowledge bases, using
retrieval mechanisms to ground responses in actual facts or databases. While RAG can improve factuality, it does
not inherently guarantee alignment with operational constraints or an audit trail for tracing decisions.

What would I show in an audit?

When faced with a recommended reorder quantity or production schedule, planners ask themselves: Can I trace
this recommendation back to specific data points, rules, or business constraints? This is the essence of an AI
audit trail, a chronological record ensuring each AI decision is explainable.

Audit Component Description Value to Planners Input Data Trace Records exact data points used for prediction
(e.g., sales history, supplier lead times). Enables verification and correction before acting. Rule Application
Documents which business rules or constraints were applied. Ensures recommendations respect company policies.
Decision Rationale Provides natural language or visual explanation of “why” AI chose a specific action. Boosts
planner confidence and adoption. Versioning Keeps track of model versions and parameters at decision time.
Facilitates accountability and troubleshooting.

Why Accuracy Gains Don’t Automatically Create Trust



Businesses like Pandora have seen AI models demonstrating measurable accuracy improvements in demand
forecasting or inventory optimization. However, planners frequently report a disconnect between those gains and
their willingness to rely on recommendations.

This mistrust stems from several factors:

1. Lack of Transparency: Accuracy alone doesn’t show how predictions are derived, leaving planners in the
dark.

2. Unpredictable Variance: AI outputs sometimes fluctuate wildly with slight input changes or between runs,
undermining reliability.

3. Misaligned Objectives: AI models may optimize purely statistical metrics, ignoring supply chain realities like
supplier risk or seasonality.

4. Changing Business Contexts: What appears accurate during training might fail post-deployment when
market dynamics shift.

In practice, improving trust requires addressing these issues head-on rather than focusing solely on accuracy.
That’s why supply chain leaders must prioritize explainability and auditability alongside predictive performance.

Hallucinations and the Risk of Fabricated Certainty
One of the most notorious risks with LLM-powered tools is hallucination — AI systems confidently generating
factually incorrect or fabricated information. Within supply chain planning, this poses grave risks:

False Confidence: Planners may act on recommendations that seem plausible but are utterly wrong.

Operational Disruptions: Erroneous orders or forecasts can cascade into stockouts or overstocks.

Reputation Damage: Loss of trust in AI tools can stall future innovation efforts.

Retrieval-augmented generation can o9solutions.com help by grounding outputs in verified sources, but it’s no
panacea. Planners and AI vendors alike need robust mechanisms to flag and diagnose hallucinations, reinforcing
the critical need for black box AI planning transparency.

Black Box Excuses Won’t Cut It

During demos or audits, we often hear a list of “black box excuses” for AI outputs:

“The model decided this on its own.”

“This is an emergent pattern the AI discovered.”

“It's too complex to explain.”

These hand-wavy explanations erode trust. Instead, AI planners need exact, reproducible rationales that link
decisions back to business rules and data—a non-negotiable for wide enterprise adoption.

Aligning AI with Planner Needs: The Way Forward
To build trust in AI recommendations, supply chain tools must evolve in these critical ways:

1. Formalize AI Explainability for Planners: Embed layered explanations, from high-level summaries to
detailed data tracebacks.

2. Implement Complete AI Audit Trails: Develop logs capturing every data input, rule application, and model
version behind decisions.

https://o9solutions.com/articles/can-you-really-trust-your-ai


3. Ensure Consistency and Determinism: Minimize output variance by controlling for random seeds or
defining deterministic inference procedures.

4. Align with Business Logic: Incorporate planner-validated constraints directly into model design or post-
processing to ensure recommendations comply with real-world operational needs.

5. Mitigate Hallucinations: Use hybrid AI architectures such as RAG that ground outputs in authoritative
knowledge bases.

6. Engage Planners as Co-Creators: Foster collaboration where planners can interrogate, adjust, or override AI
recommendations with immediate feedback.

Conclusion
As seen with leaders like Garrett Motion, PMI, and Pandora, trust is not just a soft-management issue but a
technical and procedural imperative for AI adoption in supply chain planning. Without AI explainability tailored to
planners, robust audit trails, and alignment with business logic, the promise of improved accuracy remains trapped
in the realm of theoretical gains.

Supply chain organizations must move beyond black box AI planning towards transparent, accountable, and
consistent systems. Only then will planners confidently embrace AI recommendations, ushering in a new era of
intelligent and trusted supply chain decision-making.


